
Motivation Context

Tools and Objectives

Turbulent jets are dominated by advective flow structures which affect noise
and heat transfer.
Active control can reduce acoustic emissions and optimize heat transfer
in aeronautical and industrial applications.
 Applications
- Reduce noise pollution around airports
- Turbine blade cooling in Jet Engines
- Enhance performance of industrial jet
  systems

Hypothesis
It is possible to develop robust closed-loop control strategies for turbulent jets,
both free and impinging, using reduced-order models and machine learning, despite
the inherent nonlinearity, noise, and high dimensionality of turbulent flows.
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High frequency sensing for flow diagnosis:
- MEMS microphones
- Pressure gauges

Actuation with high control authority
- Synthetic jets
- Microblowers
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